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USING ML ML TO IDENTIFY MECHANISMS      

OF METABOLIC SUBPHENOTYPES

⚫ Gold standard metabolic testing combined with 
demographics established metabolic 
subphenotypes (muscle IR, hepatic IR, beta cell 
dysfunction, or decreased incretin effect)

⚫ A variety of postprandial glucose concentrations was 
observed with 16 tests in 180 minutes

⚫ OGTTs were analyzed with ML to predict the 
metabolic subphenotypes of the subjects who were 
apparently normoglycemic or had prediabetes



USING ML ML TO IDENTIFY MECHANISMS      

OF METABOLIC SUBPHENOTYPES

⚫ The machine-learning models trained with glucose 
time series from in-clinic OGTTs predicted the 
subphenotypes with areas under the curve (AUCs) 
of 95% for muscle insulin resistance, 89% for β-cell 
deficiency and 88% for impaired incretin action

⚫ For at-home OGTTs (vs in-clinic) model prediction 
performance was similar: muscle IR (AUC = 88%) 
and β-cell function (AUC = 84%)
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